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Abstract. Human performance modelers at the US Army Research 13boratory have developed an approach for 
estabHshing Soldier high workload that can be used for analyses of proposed s)'1>tem designs. Their technique includes 
three key components. Ta implement the approach in an experiment, the researcher would create two experimental 
conditions: a baseline and a design a~ematjve . Next they would identify a scenario in which the test participants perform 
all their representative concurrent interactions with the system. This scenario should include any events that would trigger 
a different set 01 goals lor the human operators. They would coiled workload values during both the control and 
aK .. mativ .. doosign c.ond~ion t" s.. .. ij thO> alt..mat"''' incr .. as..d workload and d .. "" .. a"",d p"rf"rma"",,_ Th"Y haV<! 
successfully implO>m .. nted Ihis approach lor military vehid .. designs using lhO> human p"rf"rmance modeling 1001, 
IMPRINT. AHhough ARL researches use IMPRINT 10 tr'nplement their approaCh. tt can be applied t" any w"rkload 
ana~sis. Researchen; using other modeling and simulations tools or conducting e~pe riments ", field tests can use the 
same approach. 
1.0 INTRODUCTION 
As system engineers begin to design a system, it is 
critical for them to understand how the human 
operators will interact with the system. This 
understanding is critical because they are 
deSigning the system so the human operators can 
accomplish specific goals. The humans' ability to 
accomplish these goals, therefore, determines the 
effectiveness of the system design. A key 
component of the human operators' abilities to use 
the system, in turn , is their mental workload level. 
Mental workload is a key component because it 
influences the human operators' performance. 
The relationship betlNeen human performance and 
mental workload is often represented as similar to 
the Yerkes-Dodson (1908) inverted-U relationship 
as shown in Fig 1. As Fig 1 indicates when mental 
workload is very low human performance will 
decline. 
..... . ............ ......... ... ? . ........... . 
Figure 1 Inverted-U relationship between 
workload and performance (modified from Yerkes & 
DOdson, 1908). 
As workload increases so does human 
performance. However, al some point workload 
transitions to a level high enough to overload 
human mental resources (Wickens, 2008). To 
manage the high workload, humans employ 
strategies to reduce workload to manageable 
levels. These strategies are called workload 
management strategies (little, 1993). A strategy, 
for example, might be to stop an ongoing task, 
ignore a new task or to perform concurrent tasks 
sequentially. All of these workload management 
strategies can result in performance decrements. 
For over a decade human performance researchers 
(Colle & Reid, 2005; Rueb, Vidulich , & Hassoun, 
1994; Reid & Colle, 1988; Schlegel, B., Schlegel, 
R. , & Gilliland, 1988; Grier, Wickens, Kaber, 
Strayer, Boehm-Davis, Trafton, & St. John, 2008) 
have attempted to refine the inverted-U 
representation of workload by identifying the point 
where workload and performance transition from 
acceptable to unacceptable. They refer to this 
transition point as the workload redline or threshold 
(Grier, et ai, 2008). Identifying this workload 
threshold is important. If it could be determined, 
then human factors researchers could establish a 
workload level that is considered acceptable for 
optimum human performance. System engineers, 
in tum, could use this workload guidance to help 
ensure their system designs provide effective 
human performance. Despite the many years of 
research, there is , however, no consensus among 
researchers on a workload threshold. 
A range of workload threshold values have been 
proposed by researchers who used the subjective 




workload. These researchers have proposed 
SWAT threshold values in the range of 40- 50 
(Colle & Reid, 2005; Rueb, Vidulich, & Hassoun, 
1994; Reid & Colie, 1988; Schlegel, B. , Schlegel, 
R. & Gilliland, 1988). The SWAT workload range 
is useful for system engineers conducting system 
evaluations . In these evaluations human 
participants can give self-report workload ratings 
which SWAT requires . 
Not all evaluations of system designs, however, 
include human participants that can give self-report 
workload ratings. Human performance modeling , 
for example, is an effective technique for evaluating 
system designs that indudes mental workload 
evaluation but does not indude human participants 
(Mitchell , 2ooo). The human operators are 
simulated in human performance models and, 
therefore, self-report workload scales, such as , 
SWAT cannot be used. Using human performance 
modeling , however, has several advantages over 
techniques that use human participants. 
Human performance modeling is particularly useful 
early in the system development phase when 
finding a representative sample of human users of 
the proposed system can be costly and challenging 
due to funding constraints. In addition modeling 
can be used when a representative sample of users 
is unavailable or only a small sample size of users 
is available. Finally, it is useful when the design is 
still a concept and no system mock-ups exist. For 
human performance modeling techniques that 
include mental workload prediction as part of the 
system design evaluation a workload threshold 
remains critical. 
Human performance modelers at the Army 
Research Laboratory have developed an analytical 
approach for establishing a workload threshold they 
can use for evaluation of a proposed system 
design. Their technique indudes three key 
components. First, they create a scenario 
containing segments with each segment 
representing events that change the goals of the 
operators of the system. Second, they establish a 
baseline they can use for workload and 
performance comparisons . Finally , for each of 
these segments, they select unique workload 
threshold values for each operator who will operate 
the system. 
In 2009, the ARL modelers implemented this 
approach in an analysis of the impacts of two 
conceptual technologies on the workload and 
performance of a tank crew (Mitchell , in review). 
2.0 CASE STUDY 
To implement their approach, the ARL modelers 
used the human performance modeling tool, 
IMPRINT (Improved Performance Research 
Integration Tool ; hltp:Ifw.Nw.arl.army.miIlIMPRIND . 
IMPRINT is a stochastic task- network modeling 
tool that provides modelers with the capability to 
simulate humans performing tasks. The humans 
simulated for this project were the tank 
crewmembers. Specifically, the ARL modelers built 
a model simulating the tasks performed by each 
crewmember of a baseline tank. Next, they built a 
model to represent the tasks performed by the tank 
crewmembers when the vehicle design was 
enhanced to indude a driver's aid and a loader's 
situation awareness display. 
In addition to simulating task performance, 
IMPRINT also provides modelers with the capability 
to predict the mental workload associated with the 
tasks individuals perform (Mitchell , 2000). The ARL 
modelers used this mental workload option to 
predict the mental workload of the crewmembers of 
the baseline tank as well as the enhanced tank. 
The theoretical basis for the IMPRINT mental 
workload option is Multiple Resource Theory (MRT) 
(Wickens, 2008). 
According to MRT, the capacity of human mental 
resources is limited. Therefore, as an individual 
performs a task, the task makes demands upon 
these limited mental resources . Furthermore, when 
an individual performs two or more tasks 
concurrently, all the concurrent tasks demand some 
of the individual's mental resources. Because the 
mental resources have limits, the demands of the 
concurrent tasks may exceed or overload the 
individual's resources. The pOint where the 
individual's resources are overloaded is the 
workload threshold. \Nhen this threshold is 
exceeded, the individual implements workload 
management strategies which cause the 
individual's performance to dedine. 
Because the IMPRINT workload capability is based 
on MRT, its workload predictions are task-based 
predictions. Changes in the tank crewmembers 
workload, therefore, are related to changes in the 
tasks they perform in the baseline versus modified 
tank. If the technologies in the modified tank 
reduce crew workload then the IMPRINT workload 
predictions should be lower for the modified versus 
baseline tank model runs. 
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The IMPRINT tool implements MRT by providing 
modelers with the capability to enter the mental 
resources required by each task for the human 
operators of a proposed system, Furthermore, it 
provides numerical values for estimating the 
demands of the operators' tasks on their mental 
workload. IMPRINT provides these numerical 
values in the form of scales. There are seven 
scales, one for each resource. The resources 
represented by the seven scales are visual , 
auditory, cognitive, fine motor, gross motor, tacti le, 
and speech. 
Using the workload scales in IMPRINT, the ARL 
modelers selected the appropriate values for each 
of the resources that a tank crewmember used for 
each task. The IMPRINT software aggregated 
these workload inputs across all the tasks the 
crewmember performed every time a new task was 
started. IMPRINT then provided an overall 
workload score. This overall workload score is 
compared to a workload threshold set by the 
modelers. If the overall workload number 
exceeded the threshold than a workload 
management strategy is triggered within the model. 
Modelers can then see the impact of the 
crewmember's workload on performance with the 
system. Because the workload threshold is the key 
to determining if a workload management strategy 
is employed, it was critical for the IMPRINT 
modelers to select an appropriate workload 
threshold for the tank crew in their analysis. 
As the first step in identifying a workload threshold 
for the tank crew analysis, the ARL modelers 
selected a scenario to model with IMPRINT. For 
the performance to be representative of the typical 
tank crr:m, the scenario needed to be one in which 
the crew performed the majority of their common 
tank crew tasks. These common tank crew tasks 
are driving, communicating, searching for targets, 
and engaging targets (Directorate of Training , 
Doctrine, and Combat Development Field Manual 
3-20.15, 2007). 
The ARL modelers needed to include common 
crew tasks in the scenario because they would 
build the tank crew tasks into the IMPRINT model 
based on the scenario. It was critical for the 
IMPRINT workload analysis to be valid that the 
crew be performing all the tasks the technologies 
might influence within the model. Furthermore, it 
was especially important for the ARL modelers to 
include in the scenario those common crew tasks 
the crewmembers perform concurrently. The 
inclusion of concurrent tasks in the models was 
important because workload is typically higher, and 
performance is typically lower, for concurrent tasks 
than sequential tasks (Just, Carpenter, Keller, 
Emery , Zajac, & Thulbom, 2001). To meet these 
scenario characteristics, the modelers selected a 
movement to contact mission (Directorate of 
Training, Doctrine, and Combat Development Field 
Manual 3-20.15, 2007). 
After selecting the scenario, the ARL modelers 
divided the mission into segments that represented 
changes in the crewmembers' goals. For example, 
as a movement-to-contact mission begins, the 
crewmembers' goal is to detect the enemy, 
whereas, once they detect the enemy their goal 
shifts to destroying the enemy. As a consequence 
of the shift in goals between the two segments, the 
crew performs different tasks Because the 
workload predictions in the IMPRINT model are 
based on task demands, the crews' workload will 
change along with the tasks. Therefore, if the 
crewmembers perform a unique set of tasks in one 
segment than another segment, it is reasonable to 
assume that their workload will be very different 
from one segment to another. For example, in 
mission segments during which the tank is 
stationary, the driver could engage a target. In 
contrast, when the vehicle is moving, the driver is 
driving and would not be engaging targets. The 
segments the ARL modelers selected to represent 
diverse sets of crewmember tasks for the 
movement-to-contact mission were: movement to 
contact begins, move via checkpoints to the line-of-
departure, precision engagement, and move to 
defensive position. 
As they begin the movement-to-contact mission, 
the goal of the crewmembers is to be ready for the 
mission. They perform workstation and 
communications equipment set-up. As they move 
via checkpoints, their goals shift to searching for 
potential enemy. They communicate, drive, search 
for threats, track the battle and do hasty planning. 
After the enemy is detected, their goals shift again 
to destroying the threat. They identify, engage, and 
destroy the threat. Finally, after the enemy is 
eliminated , their goals shift to avoiding detection by 
opposing forces. They back-up the vehicle and 
drive quickly to a defensive position while avoiding 
enemy detection. 
For each of these segments, the ARL modelers set 
a unique workload threshold. Each threshold was 
unique because of the variation in tasks, and, 
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therefore, workload in each mission segment. 
Furthermore, each crewmember needed a unique 
workload threshold because the crewmembers 
performed very different combinations of tasks. For 
example, the PL does tactical planning, 
communications monitoring, and supervisory tasks 
while the driver drives the vehicle. They obtained 
the threshold values for each crewmember for each 
segment from an existing baseline IMPRINT tank 
model. Mitchell (2009) describes this model and 
the steps the ARL analyst followed in its 
development in detail . 
After developing the mission segments and 
selecting thresholds, the ARL analysts included the 
segments in their task·network models. In the 
IMPRINT task· network models, the ARL modelers 
represented the sets of tasks the crewmembers 
performed in each segment of the scenario as 
functions. Driving, scanning for threats, and 
communications, for example, would be functions in 
the model. Furthermore, the task·network model is 
hierarchical which means functions , at the higher 
level , can be decomposed into smaller units called 
tasks. Thus, the ARL modelers decomposed the 
functions in each segment into tasks. Examples of 
tasks for the driving function would be maintain 
speed, adjust steering , monitor forward terrain, etc. 
After creating the hierarchical task·network of 
functions and tasks for each crewmember in each 
segment of the scenario, the ARL modelers 
identified the interfaces or equipment the 
crewmembers used to perform the tasks. IMPRINT 
provides modelers with the capability to enter the 
list of interfaces used by the human system 
operators for each task. Thus the ARL modelers 
entered the list of interfaces each crewmember 
used for each task into the baseline tank model 
Then, using the IMPRINT workload scales, the 
modelers estimated the demands that each task 
and interface combination placed upon the each 
crewmembers mental resources (visual , auditory, 
cognitive, gross motor, fine motor, speech, or 
tactile). 
Once the workload data was entered, the ARL 
modelers ran the baseline tank model multiple 
times. The multiple runs represented all the 
possible combinations of functions and tasks that 
the crewmembers performed during each segment 
of the mission. Based on these runs the modelers 
then identified for each crewmember in each 
mission segment, the combination of tasks that had 
the highest overall workload value. In addition, 
they calculated the average workload across all the 
runs for each crewmember for each segment. The 
maximum workload value and average workload 
value became the workload threshold for that 
crewmember for that mission segment for the 
baseline model. 
The ARL modelers then modified the baseline 
model to represent the crewmembers performing 
the tasks with the two proposed technologies. 
Specifically , they modified the interfaces used by 
two of the tank crewmembers, the driver and the 
loader. Because the interfaces for these two 
crewmembers were modified from the baseline, the 
ARL modelers needed to modify the tasks these 
two crewmembers performed. For example, in the 
baseline model, a crewmember needed to open the 
hatch to do a specific task while in the modified 
model the loader's display enabled the loader to 
perform with a closed hatch. 
lNhen the modified model was complete, the ARL 
modelers ran it multiple times and calculated the 
same workload measures as they had for the 
baseline model. They then compared the two 
models to see if the crew workload in the modified 
tank model was higher than the threshold value 
established from the baseline model. If the 
workload was the same or lower, they 
recommended the technologies for further testing. 
If it was higher than the baseline they 
recommended evaluating if the potential for 
overload was mitigated by an increase in 
performance. 
In addition, to the workload comparison , the ARL 
modelers compared the performance of the 
crewmembers in the two models. For example, the 
loader's workload may have remained the same for 
both models but the technology may have 
increased his performance by permitting him to do 
surveillance buttoned·up rather than out·of·the· 
hatch. Furthermore, a crewmember performing 
with an open hatch is at a greater risk of injury than 
with a dosed hatch. Greater risk of crew injury, in 
turn, for represent a great risk to crew survivability 
and, therefore, the overall movement· to-contact 
mission. 
The overall conclusion of the analysis was that the 
new technologies did have the potential to increase 




The ARL modelers found the practical approach to 
establishing the threshold more effective for 
justifying their recommendations for system design 
changes than other threshold techniques they had 
used over the past decade. In earlier efforts , the 
modelers had used a single overall workload value 
of 60 (Mitchell , Samms. Henthorn & WOJCiechowski, 
2003) or 40 (Mitchell , 2005) or 7 (McCracken & 
Aldrich, 1984) as the workload threshold value. 
Although these projects changed system 
requirements (Mitchell & Samms, 2009) , and the 
results were replicated in experiments (Chen , 
2009), the selection of a single workload threshold 
for all crewmembers across a scenario was 
challenging for the ARL modelers to defend. 
Because the threshold was difficult to defend, it 
made it difficult to convince system engineers to 
change designs. The single threshold value was 
difficult to defend because the overall workload 
val ues from IMPRINT could vary widely between 
crewmembers due to variations in the functions and 
tasks they perform. The driver of the tank, for 
example, might have a maximum workload value of 
200, in contrast to the loader who has a maximum 
workload value of 60. Thus, with a single threshold 
value of 40, both crewmembers would be 
overloaded in the baseline but one would have a 
much higher workload value than the other. In this 
situation, the crewmember with the workload that 
exceeded threshold by the most would be most 
likely to be the focus for system design changes. In 
comparison , by identifying a threshold for each 
crewmember, the ARL modelers had more 
capability to focus attention equally across 
crewmembers and influence system design 
changes for each crewmember. 
Another challenge confronting the ARL modelers 
was that the functions, tasks, and workload that a 
single crewmember performed changed 
significantly from segment to segment. For 
example, the highest workload value in an 
IMPRINT model for a tank driver within a mission 
might be 200 and the average across the mission 
might be 100. This high workload is associated 
with the driving function and tasks. The workload, 
therefore, would not be representative of the 
driver's workload when the platform is stationary . 
During this mission segment, the driver's workload 
would be 31, a much lower value because the 
driver is not driving but is scanning for threats. If 
the mission were not divided into segments this 
difference in workload would not be apparent 
because average workload across the mission 
would be 115.5 and high workload 200. The 
practical threshold approach solves this problem by 
divided the operational scenario into segments 
representing changes in functions and tasks for 
crewmembers and the associated workload value 
changes. 
4.0 CONCLUSION 
ARL modelers recommend the practical approach 
to setting a workload threshold be used to evaluate 
system designs. Although they implemented their 
approach with the human performance modeling 
tool, the practical threshold approach can be 
applied to any workload analysis. Researchers 
conducting experiments or field tests can use the 
same approach. To implement the approach in an 
experiment, the researcher would create two 
experimental conditions: a baseline and a design 
alternative . Next they would identify a scenario 
which includes all the goals of the participants with 
the system. They would divide this scenario into 
the segments that represent these goals. They 
would then have the test participants perform all 
their representative concurrent interactions with the 
system in each segment. They would collect 
workload values during both the control and 
alternative design condition for each segment and 
compare workload and performance of the 
parlicipants in the two conditions. They would then 
make recommendations based on the workload 
comparisons. 
As a result of this analysis, two enhancements to 
IMPRINT were recommended. When the ARL 
modelers analyzed the results across each mission 
segment, they used the Function Performance 
report. The Function Performance report provides 
analysts with detailed information on function 
duration, accuracy and frequency. This report is 
generated by looking at all the functions in the 
model that have started and finished during the 
model execution but does not report instances 
where functions are stopped or interrupted. The 
same is true for the Task Performance report that 
reports similar information but at the task level. 
Expanding these reports to include data about 
function or task stops and interrupts will provide 
more detailed results to the analyst. 
Another recommended enhancement was to allow 
analyst to choose at what level they would like to 
define workload thresholds; at the function or 
mission segments level or at the overall mission 
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level. Currently, workload thresholds are set per 
operator over the length of the entire mission. 
There may be times where different segments of a 
mission may have different workload thresholds. 
Implementing this capability in IMPRINT would 
allow the analyst more flexibility in exploring new 
workload theOf"ies . These enhancements will be 
considered for implementation in the next IMPRINT 
development cycle . 
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I7iMODS I M WOI LD M~·- Importance of Workload 
• 
• Indicator of problem areas within system design 
• Peaks and valleys of workload indicate times when 
human performance may suffer, e.g. : 
- Sustained low workload (underload) leads to boredom, 
loss of situation awareness, and reduced alertness. 
- Sustained high workload (overload) leads to fatigue. 
- Workload peaks lead to dropped tasks, increased task 
time, cognitive tunneling, and increased errors. 
• Reduces crew performance, system performance, 
and contribute to mission failure 
OBJECTIVE: Achieve evenly dislribuled , manageable 
workload. Avoid bolh overload and underload . 
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